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Abstract- In modern world,looking in to interior of the human
body has improved a lot in X-ray computed tomography (CT)
scanners, and magnetic resonance imaging (MRI).It can
produce excellent images in many cases but there are cases
where they fail. They fail because the density of the metal plate
or blocks placed in the human body is beyond the normal
range that can be handled by the computer, resulting in
incomplete attenuation profiles.These artificially inserted
metal like substance majorly block or totally block and
produce artifacts during reconstructions of the imaging .These
metal artifact can limit the diagnostic value of the image
produced during the scans .We propose a system where we use
both deep learning and machine learning algorithm to
produce great and accurate results in CT and MRI
scans.Though training the deep learning is so tough challenge
at the end we can have a good diagnostic value in the
resulting image
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I. INTRODUCTION

Nowadays, three-dimensional (3D) imaging is one of
the successful clinical applications. In spite of improvements
in imaging methods, researchers are faced with various
problems. One of the problems is that high-density objects
exist in CBCT images such as metal implants and dental
fillings and create a lot of artifacts.

The above image shows the striking artifacts in
during scans deflecting the rays and producing artifacts
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These artifacts considerably reduce the graphical
quality of the image and alter the skeletal structure close to
metallic substances. Considering independency of this
algorithm from data acquisition part, it can be used along with
other artifact reduction algorithms which modify scanning
algorithm to reduce artifacts. Methods to overcome metal
artifacts in Computed Tomography (CT) images have been
researched and developed for nearly 40 years.

Metal objects such as a dental filling, artificial hip,
spine implant, or surgical clip in the field of view will strongly
attenuate x-rays or even completely block their penetration,
resulting in corrupt or missing projection data received by the
detector known as artifacts. It may result in the improper
Diagnosing of the report of the concerned patient. We will
discuss some advanced methods to correct artifacts.

Il. RELATED WORKS

To look in to the human body we have various
technique and methods for different situation, situational
method. They are reached a great height. People usually
undergo scans during fracture majorly. Scans during Fracture
are common and simple when they are in hand and leg are
simple. Its complex when it comes to the spine and brain.
Magnetic resonance imaging(MRI) is used for scanning head
and computed tomography (CT) for spine. Scan is simple
when there is no artificial insertion of plates or blocks but
when you under go while you have any artificially inserted
plates or some thing to support your system’s regular routine it
becomes a challenging task. The reason is artificial substance
placed inside can partially or totally block or reflect the rays
passing in during the scans which damage the value of the
resulting image for diagnoses, using some specific algorithms
we can reduce the artifacts in the resulting image .
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I11. PROPOSED SYSTEM

The proposed algorithm corrects reconstructed CT
images. The projected data which is affected by metal fillings
is detected and the missing projections are replaced with data
obtained from a corresponding MR image.A simulation study
was conducted in order to compare the reconstructed images
with images reconstructed through linear interpolation, which
is a common metal-artifact reduction technique along with the
different thresholding techniques and correction algorithms
accordingly. The results show that the proposed method is
successful in reducing severe metal artifacts without
introducing significant amount of secondary artifacts.
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IVV. CONCLUSION

Hence with the help of datasets of scans we are able

to make the machine understand the situation and reduce the
effect of Metal Artifact by using customised ADN(Artifact

Disentanglement

Network) Algorithm. Henceforth, the

machine can produce the results from the datasets samples
stored using Realtime Machine Learning proces
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