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Abstract- Airlines use sophisticated quasi-academic tactics
which airlines call "revenue management" or "yield
management”. The cheapest available ticket on a given flight
gets more and less expensive over time depends upon the
purchase pattern. This usually happens as a attempt to
maximize revenue based on time of purchase patterns. The last
minute purchase tickets are more expensive when compare to
normal flight tickets. Due to the quick turn of events and wide
use of Web innovation, online buys have gotten the
fundamental strategy to purchase airfare tickets. Since data
about valuing factors is inaccessible, it is hard for customers
to purchase airfare tickets at the most minimal expense or
even at a generally lower cost.The concept assists with
knowing the flow cost of the air tickets, seat accessibility and
further more to predict the future air fare price. More
specifically, this system is designed to late arriving customers,
can save their seats before close to their departure date. The
concept is an Al enabled web platform based application. It
servers as the day to day companion of Airport Authority
individuals. It can intelligently set the fare of flight tickets, can
see the seating arrangements and also provide environmental
friendly and saving solution.
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I. INTRODUCTION

Airline stend to charge high prices to passengers who
search for tickets close to their date of  travel.The
conventional view is that these are business travellers and that
airlines capture their high willingness to pay through price
discrimination. Aircrafts additionally change costs on an
everyday premise as limit is restricted and the future interest
for some random flight is uncertain. They may adjust fare
upward to avoid selling out flights in advance, or fares may
actually from one day to the next, after a sequence of flow
demand realization.
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In this concept new flight-level dataset consisting of
daily fare and seat availabilities to estimate a model of
dynamic airline pricing in which firms face as to chastic
arrival of customers.This model to quality the welfare effects
of dynamic airline pricing but also to establish important
interactions between in markets.The estimate structural model
allows to establish key points about the interaction between
the pricing forces. dynamic adjustment complements
intertemporal price discrimination in the airline industry.This
is due to the fact that price inelastic consumers tend to buy
tickets close to the departure date.To be able to price
discrimated towards these late arriving consumers airlines
must successfully save seats until close to their departure date.

I1. LITERATURE REVIEW

It is difficult to customer for purchasing their flight
ticket in lowest price. For that several techniques are used to
obtain the day a which price of air ticket will be
minimum.Most of these researchers are used Artifical
Intelligence model.Adachar [1] presented total delay
minimization and the reduction of the pollution emission..Lei
Yang[16] presented a CTM-based network model shown its
efficient and accurate simulation methods and air traffic
prediction.Yicheng Zhabg[18] presented a distributed strategy
can solve fairly large routing and scheduling problems by
using Airport traffic flow management.Yuchang[4] had been
applied a superior decision arbitrary perception for customers
to purchase a air tickets.Zaimingful[5] utilized the
Interchangeable virtual Instruments for framework to talk
about the quick and savvy programmed boundaries.Abhijit
Borah[2] tried to predict the flight fares using kalman filter
which was a famous Bayesian estimation techniques.Yongli
Wang [13]explained about dynamic evaluating issue thinking
about buyer conductset up the game mobel between retailer
and customer by using dynamic valuing model.Sachine
kumar[7] presented a machine learning approach to analyse
the tweets to improve customer experience.Maria Virgina
Caccavale[3] described the airbound air traffic over a
congested by using PSRA model.

www.ijsart.com



IJSART - Volume 7 Issue 4 — APRIL 2021

I11. DATA COLLECTION

The data collection is most aspect of this project.
The different websites have various data are avaiable used to
train the models.For viewing the current price ,seat
availability, future fare the data sets are taken from kaggle and
the models are implemented using python.

3.1 Data collection

The python is take out the various information from
the datasets. In the collected data sets contains various
parameters such as date of journey, name of the flight, source
time, desination time, additional info, stops and prices are
available in the data set.

1 Airline |Dateiofiluumey| Source | Destination Route |Dep7ﬂmq\mvaliﬁm{ i :" )tupq.ﬂ.ddi‘tiona\ilnlu Price
1 IndiGo 201 Sanglore NewDelhi  BIR-3 DEL DN [E02Mahsm nonsiop  Noinfo 397
3 Airindia 1f05/2019 Kolkata Banglore (U DR-BBIBA0SS0 1315 Tdm 2siops  Noinfo Toil
4 Jetdiways 906/ 019 Dehi Cochin ~ DELJLKOBOMC(9  MEBWMurish  2stops  Noinfo 13881
5 IndiGo A8 Volkata Banglore  CCUYNAGHBR 1805 230 Shdm 1stop  Noinfo 618
6 IndiGo 00N sanglore NewDelhi BIRINAGHDEL 1650 2035 dhdim lstop  Noinfo 130
T Spicelet HE018  Kolkata Banglore  CCU-3 BIR BN 15 hdm nonstop Noinfo 1
1 Jethinvays /509 Banglore NewDehi BIRBOMZDEL 1835  10B13Malshaim 1stop  Inflightmealnc 11087
9 Jet Ainways 0031 Banglore NewDelhi BIRBOM3DEL (800 (S0502MaMhim 1stop  Noinfo nm
10 Jet Airways /B0 Banglore NewDehi BRBOM3DEL (835  10B13MaBham 1stop  Inflightmealne 11087
1 Multilecariers —— 27/05/2019. Delhi Cochin ~ DELJBOM3COC 1125 1815 7h3lm 1stop  Noinfo 35
12 AirIndia 1062019 Delhi Cochin -~ DELJBLRHCOK 0345 2200 DUhism 1sip  Noinfo 8007
13 India 150008 okt Banglore  CCU-BIR DN 2% hdm nonstop Noinfo 4an
14 Air India {0601 Chennai Kolkatz ~ MAA-3CCU 14 135 him nonstop Noinfo 1687
15 Jet Airways £ THI0E] Kolkata Banglore  CCUBOMZBR 210 09010Malhiom 1stop  Inflightmealne 9663
16 Indicia Wy Kolkata Banglore  CCU-3 BIR 755 18X h3m nonstop Noinfo 40
17 ArIndia 3fo3f0n9 Delhi Cochin ~ DELJAMDBOM (1640  1315MMaX6h3m 2stops  Noinfo Ll
18 Spicelet 15042013 Delhi Cochin ~ DELPNO3COK (845 1315  4h3Im 1stop  Noinfo 830
13 Jet Aiways 1/06/209  Delhi Cochin ~ DELBOMCOK 1400 12358JurZh3m 1stop  Inflightmealne 10262
20 AirIndiz 12f06/2013 el Cochin ~ DELCCUSBOM-CINIS  BI5BJwrBh  2stops  Noinfo 131
21 et Airweys o050 Delhi Cochin ~ DELPBOMCOK 1600  123528MaXthism 1stop  Infightmealnc 12698
1 GoAir 5/03/2019 Delhi Cocfin ~ DELJBOM3COC 1410 180  3hilm 1stop  Noinfo 13495
3 Airindia QAN Banglore NewDehhi BRSCOKDEL 200  B3N6MalshXm 1stop  Noinfo 955
2 |ndiGo 3f0aamng Banglore Delhi BLR - DEL M0 0630 hSm nonstop Noinfo 334
25 Indiéa 1jo5/019 Banglore Delhi BIR DAL B N0 hSm nonstop Noinfo L]

figurel:Collected Data set

figure 1 shows the original data set that taken from kaggle
websites for predicting the future fare.

3.2 Cleaning and Preparing the data

After collecting the data,cleaning unwanted data from
the data set and prepare the data for the further
process.cleanind the data is a most important process and time
consuming process.In this cleaning and preparing process
different logic in python to clean and set up the information in
correct manner.

3.3 Analyzing data
Followed by cleaning process data analyzing is occur
by uncovering the hidden data trends and then applying

various machine learning approaches.Total departure days is
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calculated by difference between the departure date and the
source date.In this Analyzing data times play an important role
for calculating prices.

IV. SYSTEM MODULES

The module description is a high-level description of
a functional area,consisting of a group of processes describing
the functionality of the module and a group of packages
implementing the functionality.

4.1 Flight status and current price

In this concept three different server tasks to achieve
all three customer demands.Flight status and current price is
the first module. This module provide the detailed information
about the current price of the flight. It provides the
information like flight name,source, departure time, total stops
between source and destination, Date of journey, Duration
details.In this module there are two sides client and server
side.The client side user can check the price of the flight based
upon their requirements.

The request is passed to the server side with help of
Goibibo dataset user can check the current price of the
flight. The work in background to fetch user required data on
the front end the machine learning learning module is
converted in to Flask API which gives the current price of the
price.From this module user can view their current price of
the flight without any hesitate.

4.2 Future fare prediction

In this module used can predict the future fare. It
helps to plan their journey based up on the fare. The machine
learning modules is converted to Flask APl which gives the
predicted ticket price.The flight status data is fetched from
database from kaggle and all of the instances and databases for
the airport monitoring system has been served and hosted on
Google cloud and firebase.

Flask is a web framework for Python, meaning that it
provides functionality for building web Application including
managing HTTP requests and rendering templates .In this sub
module, it helps to predict the future fare of the air ticket by
using Flash Server Application Programming Interface. This
database fetch the Client request and to predict the airfare.
For predicting the future fare Random forest algorithm is used
to predict the future fare.

4.3 Seat Availablity
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This is the second module. It shows the seat
availability of the required flight based up on the customer
needs.It helps to check the seats availability prior to the
customer journey.In this module like first module it also has
two sides one is client and server side.

In the client side user send the request to the server
side.In the server side has database runs it gives the required
output to the customers without any difficulties customer can
receive their required data.From this module customer user
can book their required seats without any difficulties.

V. CONCLUSION AND FUTURE WORK

In this study a machine learning structured was
developed to predict the future fare price, can see the seat
availability and see the current fare of flights in the domestic
airlines. The machine learning model is working in the back-
end to support for future prediction. It is a multi purpose
application is versatile in usage. It also built using multiple
cross compiled language. Data is stored on cloud to avoid any
loss. This web can be very hard in avitation industries. Based
upon this concept user can view the seat availabilities ,current
and future fare tickets. In future this concept will be
implemented in all National and International airline
companies and also event information will also collected from
various source, which includes social media and news
agencies as to complemented the prediction model.
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