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Abstract- Now a day , traveling recommendation is important
for user who is the plan for trave ling. There are many
existing techniques which are used for travel recommendation.
In this paper explain a personalized travel sequence
suggestion system using travelogues and users contributed
photos with metadata of this photo by comparing existing
different technique. It recommends personalized users travel
interest and recommend a sequence of travel interest instead
of an individual point of interest. The existing system cannot
complete the requirement i.e. personalized and sequential
recommendation together. To solve the problem of providing
personalized and sequential travel package recommendation,
a topical package model is created using social media data
in which automatically mine user travel interest with another
attribute like time , cost , and season of traveling . The
proposed system uses the travelogues and photos of social
media which map each user and routes description to the
topical package area to induce user topical package model
and route topical package model. To suggest personalized
POl sequence, first famous routes are stratified as per the
similarity between user package and route package. Then high
stratified routes are more optimized by using social similar
users travel records for more accuracy.

1. INTRODUCTION

In day to day life, people are interested in traveling
and searching for the different tourist location for travel
planning in which they are interested. Social media has come
out continuous needs for automatic travel recommendation.
This becomes an important problem in research and industry.
Social media offers great opportunities to address many
challenging problems, like GPS estimation and travel
recommendation. Travelogue websites offer rich descriptions
about landmarks and traveling experience written by users.
These data are not only useful for reliable POIs i.e. points of
interest, travel routes but give an opportunity to recommend
personalized travel POIs and routes based on user’s interest.
Existing studies on travel recommendation use the different
types of social media data, GPS trajectory, check-in-data, geo
tag and blogs which are used for mining famous travel POIS
and routes [2][4]. The existing system for general travel route
planning cannot well meet user’s personal requirements.
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Personalized recommendation of travel system recommends
the POIs and routes by mining user’s travel history. Location-
based collaborative filtering is the most famous method for the
recommendation. In this collaborative filtering method, social
similar users are mapped based on the location co-occurrence
of previously visited POIls. And then POls are ranked
according similar users travel history. There are two problems
in automatic travel recommendation when we compare
existing travel recommendation approach. First, the
recommended POlIs should be personalized to user interest
since different users may prefer different types of POls.
Second, it is important to recommend a sequential travel route
that is a sequence of POIs rather than individual POI. Existing
system on travel recommendation has not well solved the two
problems. The first problem, most of the travel
recommendation works only focused on user topical interest
mining without considering other attributes like consumption
capability of the user. And for the second problem, existing
studies focused more on famous route mining but not
considering user travel interest. To solve the challenges
sequential and personalized recommendation of travel location
for the user, the new system proposes Topical Package Model
method which automatically mines user travel interest from
two types of social media data, different user-contributed
photos and travelogues. For the first problem, it considers
user’s topical interest with the attribute like consumption
capability and preference of visiting time of user and season. It
is difficult to measure the similarity directly between user and
route, proposed system build a topical package model and then
map both user’s and route’s textual descriptions to the topical
package model to get user topical package model (user
package) and route package model (route package) using
topical package space. Comparing with  existing
recommendation  system  for  traveling with this
recommendation system is more suited for travel planning for
users.

Il. RELATED WORK

A. Cheng ...[1]Leveraging community-contributed data (e.g.,
blogs, GPSlogs, and geo-tagged photos) for travel
recommendation is one of the active researches since there are
rich contexts and trip activities in such explosively growing
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data. In this work, we focus on personalized travel
recommendation by leveraging the freely available
community-contributed photos. We propose to conduct
personalized travel recommendation by further considering
specific user profiles or attributes (e.g.,gender, age, race). In
stead of mining photo logs only, we argue to leverage the
automatically detected people attributes in the photo contents.
By information-theoretic measures, we will demonstrate that
such people attributes are informative and effective for travel
recommendation — especially pro- viding a promising aspect
for personalization. We effectively mine the demographics for
different locations (or landmarks) and travel paths. A
probabilistic Bayesian learning frame- work which further
entails mobile recommendation on the spot is introduced. We
experiment on four million photos collected for eight major
worldwide cities. The experiments confirm that people
attributes are promising and orthogonal to prior works using
travel logs only and can further improve prior travel
recommendation methods especially in difficult predictions by
further leveraging user contexts in mobile devices.

S. Jiang.. [2], presents an Author topic model-based
collaborative filtering method for personalized travel
recommendations. Using author topic model user’s topic
preference can be mined from the textual descriptions attached
with user’s photos. Through author-topic model, travel topics,
and a user’s topic preference can be elicited simultaneously. In
this recommendation system, POIls are ranked according to
similar users, who share similar travel topic preferences. This
method overcomes the problem in location-based
collaborative filtering, without GPS records, in author-topic
model based collaborative filtering method mine similar users
accurately according to the similarity of users’ topic
preferences.

J. Sang.. [3],explain the potential of location-based service to
overcome with an advanced recommendation problem activity
plan, which is to suggest a package of sequential activities
related to user context and interest. This type of
recommendation system of point of interest is a probabilistic
approach in which recommended POls are relevant to user
context i.e. current location, time, and check-in and
personalized check-in history of the user. This approach of
recommendation is highly motivated from a large-scale
commercial mobile check-in data analysis, to rank a list of
sequential POI categories and different POIls. The approach
enables users to plan continuous activities going from one
place to another.

H. Huang..[4]describes collaborative filtering to mine GPS
trajectories for providing POl recommendations. Three
Collaborative Filtering methods are designed: simple CF,
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frequencies CF which considering visit frequencies of POlIs,
and frequencies sequence collaborative filtering. This method
considers both users’ preferences for POI and spatio-temporal
behavior. Comparing simple location-based methods with the
collaborative  filtering methods, collaborative filtering
provides more accurate predictions. It also considers visit
frequencies, the popularity of POIs and spatio temporal
motion behavior in that which POIs are visited in collaborative
filtering can improve the predictive performance.

Yue Shi...,[5] propose to tackle the personalized landmark
recommendation problem via the collaborative filtering (CF)
paradigm  (Adomavicius and  Tuzhilin ~ 2005),which
recommends, for a given user, favored items of similar users.
We reason that a user in a new city may like landmarks that
are already favored by other users who have similar landmark
visiting experience in other cities in the past. Note that we
define a landmark in our work as a place with a significance
for history, culture or contemporary society. As such, we
consider locations that are landmarks to be broader than only
officially designated landmarks (such as monuments). We
emphasize that the personalized landmark recommendation
studied in this paper differs from conventional CF scenarios in
the following aspects. First, item ratings, i.e., graded
preferences on certain landmarks are not directly available
from the users’ photos, as they would be in a conventional
recommendation scenario such as movie recommendation,
where users rate movies explicitly. Second, travelers often
seek to enjoy a unique experi- ence or to avoid tourist traps.
For this reason, recommend- ing popular and well-known
landmarks is much less useful than providing information
about landmarks that are less well-known, but are potentially
interesting to a specific user.

Vincent W. Zheng..., [6] To address the weaknesses of the
signature-based method, there have been many heuristic-based
efforts in both the static and dynamic analysis sectors. These
works have used static analysis of Un changeable executable
characteristics or distance-based signature  matching.
Alternatively, there is dynamic analysis using techniques such
as graph-based signatures and instruction sequence mining.
Because of the uncertainty in these approaches, the challenge
is to perfect the models by extracting more semantics or
gaining a better detection rate associated with a low false
alarm production. Although API calls are commonly analysed
in existing anti-virus systems and sandboxes, our work is the
first to use iterative pattern mining to detect malware. Iterative
patterns, in contrast to simple sequential patterns, hold
information on repetitive occurrences of items. We used
iterative patterns because ‘iteration’ is an inevitable
characteristic of computer programs, including malicious
ones. The iterative patterns of API calls can be the result of
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both conditional iteration and recursive subroutines used by a
programmer.  Additionally, repetitive actions on data
sequences are used by malware writers, especially well-known
loops performing decryption/encryption and infection.
Knowing that the iterative patterns have a greater potential for
having useful information and semantics about computer
programs, in comparison to other sequence-based
substructures, our work has included experiments on how they
can help to detect malware.

Yu Zheng...,[7] In this paper, based on multiple users’ GPS
trajectories, we aim to mine the top n interesting locations and
the top m classical travel sequences in a given geospatial
region, by taking into account users’ different travel
experiences as well as the correlation between locations. At
the same time, we are able to infer the most k experienced
users in a geo-related community. Here, we regard a user’s
visit to a location as an implicitly directed link from the user
to that location, i.e., a user would point to many locations and
a position would be sharp to by many users. Further, these
links are subjective based on different individuals’ travel
experiences in this region. Therefore, we are able to involve
the key idea of the HITS model to infer users’ travel
experiences and the relative interest of alocation.

VincentW.Zheng..[8] With the increasing attractiveness of
location-based services, such astour guide and location based
social network, we now have accumulated many location data
on the Web. In this paper, we show that, by using the location
data based on GPS and users’ comments at various locations,
we can discover interesting locations and possible activities
that can be performed there for recommendations. For the
second question, if the user visits Bird’s Nest, we can
recommend her to not only do sightseeing but also to
experience its outdoor exercise facilities or try some nice food
nearby. To achieve this goal, we first model the users’ location
and activity histories that we take as input. Finally, we apply a
collective matrix factorization method to mine attractive
locations and activities, and use them to propose to the users
where they can visit if they want to perform some specific
activities and what they can do i they visit some specific
places. We lengthily evaluated our system and showed that
our system can smash several state-of-the-art baselines.

Yu Zheng..[9] In this paper, based on multiple users’ GPS
route, we aim to mine the top n motivating location and the
top m classical travel sequences in a given geospatial region,
by taking into account users’ different travel experiences as
well as the connection between locations. At the same time,
we are able to infer the most k skilled users in a geo-related
community. Here, we regard a user’s visit to a location as an
completely bound for link from the user to that location, i.e., a
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user would point to many locations and a site would be
pointed to by loads of users. Further, these links are weighted
based on different individuals’ travel experience in this region.
Therefore, we are able to involve the key idea of the HITS
model to infer users’ travel experience and the relative interest
of a location.

Jitao Sang..[10] While on the go, people are using their
phones as a personal gatekeeper discover what is around and
deciding what to do. Mobile phone has become a
recommendation terminal customized for individuals. While
existing explore  principally = focuses on  one-step
recommendation—recommend the next single activity
according to current context, this work moves one step beyond
by recommending a series of activities, which is a package of
sequential Points of Interest (POIs). The recommended POIls
are not only relevant to user context (i.e., current location,
time, and check-in), butalso personalized to his/her check-in
history. We presents a probabilistic approach, which is highly
motivated from a large-scale commercial mobile check-in data
analysis, to ranking a list of sequential POI categories (e.g.,
“Japanese food” and “bar”) The approach enables users to
plan consecutive activities on the move. Specifically, the
probabilistic recommendation approach estimates the
transition probability from one POI to another, conditioned on
current context and check-in history in a Markov chain. To
alleviate the discritization error and sparsity problem, we
further introduce context collaboration and integrate prior
information. Experiments on over 100k real-world check-in
records and 20k POls validate the effectiveness of the
proposed approach.

1. SYSTEM ARCHITECTURE

Our system consists of 6 parts, including data inputs,
stay region extraction, location-activity information extraction,
location feature extraction, activity-activity correlation mining
and collaborative location and activity recommendations. In
the first 5 parts, we model the data and extract knowledge as
inputs to train a recommendation system. This process can be
performed off-line. In real-time (for part 6), the users can
access the recommender through internet using laptops/PCs or
smart-phones, and submit the query (i.e. activity or location
names). Our system will then return a ranking list of locations
or activities given the activity or location query.
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In this above graph is represent the comparison of the
existing and proposed system classification algorithms. In
Support vector machine Algorithm is provide the accuracy is
higher than the canonical correlation method.
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V.CONCLUSION
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This paper explain a recommendation system for
personalized travel sequence in which recommendation is
based on two types of social media data, travelogues written
by users and users contributed photos on social media. This
recommendation system considers the user interest with
another attribute of users like time, season, and cost of travel.
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Using this social media data not only mining users point of
interest but also the travel sequence of the point of interest
with consideringother attribute of user i.e. consumption
capability of the user. For future work, we can use more type
of data for mining user interest and can provide informationfor
a recommendation like hotel information and transportation
detail for the user for convenience tour planning.
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