
IJSART - volume 1 Issue 2–FEBRUARY 2015                                                                                  ISSN [ONLINE]: 2395-1052 
 

Page | 42                                                                                                                                                                www.ijsart.com 
 

Data Analysis of Phone Calls in Cloud Computing  

Niranjan Satpute
1
, Priyanka Khatal

2
, Pradnya Katkar

3
 

Dept. of  Information Technology Dept. of Computer Engineering,  

Savitribai Phule Pune University, K L University 

AISSMS Institute Of Information Technology 

Kennedy Road, Near RTO, Pune-411001 

     
 

Abstract- Customers want to phone a support agent for 

immediate help. In system, how we can add a SoftPhone, 

otherwise known as a call-control tools like transfer the call, 

conference the call, gives connection for new line. Ideally 

data analytics helps to eliminate much of the guesswork 

involved in trying to understand clients, instead systemically 

tracking data patterns to best construct business tactics and 

operations to minimize uncertainty. The efficient data analysis 

methods and model will help in business development. User 

can easily track product and their preferences using data 
analysis in cloud computing 

. 
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I. INTRODUCTION 

 

      A data deluge is currently drowning us. Data sources are 

everywhere, from Web 2.0 to large scientific experiments, 

from social networks to sensors. This huge amount of data is a 

mine hiding valuable information. Nowadays, the extraction 

of knowledge from such ocean is a competitive advantage for 

most companies. Cloud computing is the emerging technology 

for large scale data analysis, providing scalability to thousands 

of computers, in addition t o fault tolerance and cost 

effectiveness.The current solutions in the yield of cloud 

computing provides transparent access to large scale 

computing and storage hardware by exposing two main 

functionalities to the users: distributed data management and 

distributed computing. Both the two layers provide simple 

access and an high level of fault tolerance. The system 

automatically handles multiple distributed copies and it 

monitors every running job possibly re-executing it in case of 

failure. On the flip side of the coin, the data level is designed 

for unstructured data and for parallel scans, while the 

computing level supports novel and completely different 

programming models.Much of the benefit from data analysis 

comes from its ability to recognize patterns in a set and make 

predictions regarding past experiences. For example in Virtual 

call center system SoftPhone with very limited capabilities.  

will have created a SoftPhone that lets agents make phone 

numbers clickable in Salesforce, and screen pop a contact 

record. Later, some resources that will help to build more 

robust call tools. Some background on CTI: Salesforce and its  

 

partners offer many options to choose from, including Open 

CTI, which gives you the benefits of cloud architecture and 

less maintenance utilize sales data in hopes of equipping them 

to increase profit margins[2]. 

 

II. DATA RETRIEVAL MODEL 

        It is hard to classify IR algorithms, and to draw a line 

between each type of application. 

        However, we can identify three main types of algorithms, 

which are described below. There are other algorithms used in 

IR that do not fall within our description, for example, user 

interface algorithms. The reason that they cannot be 

considered as IR algorithms is because they are inherent to 

any computer application. 

       We distinguish three main classes of algorithms. These 

are retrieval, indexing, and filtering algorithms [1]. 

Retrieval Algorithms 

The main class of algorithms in IR is retrieval algorithms, that 

is, to extract information from a textual database. We can 

distinguish two types of retrieval algorithms, according to 

how much extra memory we need: 

 Sequential scanning of the text: extra memory is in 

the worst case a function of the query size, and not of 

the database size. On the other hand, the running time 

is at least proportional to the size of the text, for 

example, string searching . 

 Indexed text: an "index" of the text is available, and 

can be used to speed up the search. The index size is 

usually proportional to the database size, and the 

search time is sub linear on the size of the text, for 

example, inverted files and signature files . 

Formally, we can describe a generic searching problem as 

follows: Given a string t (the text), a regular expression q (the 

query), and information (optionally) obtained by pre-

processing the pattern and/or the text, the problem consists of 

finding whether tϵΣ*qϵΣ* (q for short) and obtaining some or 

all of the following information: 

1. The location where an occurrence (or specifically the first, 

the longest, etc.) of q exists. Formally, if tϵΣ*qϵΣ* find a 

position m >=0 such that tϵΣ(from 0 to m)qϵΣ*. For example, 
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the first occurrence is defined as the least m that fulfils this 

condition. 

2. The number of occurrences of the pattern in the text. 

Formally, the number of all possible values of m in the 

previous category. 

3. All the locations where the pattern occurs (the set of all 

possible values of m). In general, the complexities of these 

problems are different. The efficiency of retrieval algorithms 

is very important, because we expect them to solve on-line 

queries with a short answer time. This need has triggered the 

implementation of retrieval algorithms in many different 

ways: by hardware, by parallel machines, and so on [3]. 

 Filtering Algorithms 

This class of algorithms is such that the text is the input and a 

processed or filtered version of the text is the output. This is 

atypical transformation in IR, for example to reduce the size 

of a text, and/or standardize it to simplify searching. 

The most common filtering/processing operations are: 

• Common words removed using a list of stop words 

• Uppercase letters transformed to lowercase letters 

• Special symbols removed and sequences of multiple spaces 

    reduced to one space; 

• Numbers and dates transformed to a standard format 

• Word stemming (removing suffixes and/or prefixes) 

• Automatic keyword extraction; 

• Word ranking. 

Unfortunately, these filtering operations may also have some 

disadvantages. Any query, before consulting the database 

,must be filtered as is the text; and, it is not possible to search 

for common words, special symbols, or uppercase letters, nor 

to distinguish text fragments that have been mapped to the 

same internal form [4]. 

Indexing Algorithms 

The usual meaning of indexing is to build a data structure that 

will allow quick searching of the text, as we mentioned 

previously. There are many classes of indices, based on 

different retrieval approaches. For example, we have inverted 

files, signature files, tries ,and so on. Almost all type of 

indices are based on some kind of tree or hashing. Perhaps the 

main exceptions are clustered data structures (this kind of 

indexing is called clustering), which is covered in further 

laboratories, and the Direct Acyclic Word Graph (DAWG) of 

the text, which represents all possible sub words of the text 

using a linear amount of space and is based on finite automata 

theory .Usually, before indexing, the text is filtered. 

The pre-processing time needed to build the index is 

amortized by using it in searches. For example, if building the 

index requires O (n log n) time, we would expect to query the 

database at least O (n) times to amortize the pre-processing 

cost. In that case, we add O (logn) reprocessing time to the 

total query time (that may also be logarithmic) [5]. 

 

CTI System: A set of telephony hardware and software that 

supports integration with other computer systems. The CTI 

system provides the base framework for the calls that are 

made and received through a SoftPhone CTI adapter A 

lightweight software program that controls the appearance and 

behavior of a Salesforce SoftPhone. The adapter acts as an 

intermediary between a third-party computer telephony 

integration (CTI) system, Salesforce, and a Salesforce CRM 

Call Center user. It must be installed on any machine that 

needs access to Salesforce CRM Call Center functionality. 

The source of call-related data and SoftPhone layout 

instructions. In addition to providing access to records that are 

related to an incoming call, Salesforce stores call center 

connection information and directories, SoftPhone layouts, 

and automatic call logs.[9] 

 

 
 
 

 

Softphone: Users can manually trigger CTI system events, 

such as an incoming call with an automatic number 

identification (ANI) value, an incoming call without an ANI 

value, an incoming conference call, and an incoming transfer 

request. The SoftPhone operates as if these events had been 

triggered by a valid CTI system and allows the user to view 

associated records and generate call logs as if they had been 
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real. As a developer, you can use the demo adapter to quickly 

prototype new SoftPhone functionality, or as a template for a 

new CTI connector[9]. 

 
 

III. APPLICATIONS 

 

1. Social Media: A popular use for cloud data analytics is 

compounding and interpreting social media activity. Before 

cloud drives became practical, it was difficult processing 

activity across various social media sites, especially if the data 

was stored on different servers. Cloud drives allow for the 

simultaneous examination of social media site data so results 

can be quickly quantified and time and attention allocated 

accordingly [7]. 

 

2. Tracking Products: Long thought of as one of the kings of 

efficiency and forethought, it is no surprise Amazon cosmoses 

data analytics on cloud drives to track products across their 

series warehouses and ship items anywhere as needed, 

regardless of items proximity to customers. Alongside 

Amazon’s use of cloud drives and remote analysis, they are 

also a leader in big data analysis services thanks to their 

Redshift initiative. Red shift gives smaller organizations many 

of the same analysis tools and storage capabilities as Amazon 

and acts as an information warehouse, preventing smaller 

businesses from having to spend money on extensive 

hardware [6]. 

 

3. Tracking Preference: Over the last decade or so, Netflix has 

received a lot of attention for its DVD deliver service and the 

collection of movies hosted on their website. One of the 

highlights of their website is its movie recommendations, 

which tracks the movies users watch and recommends others 

they might enjoy, providing a service to clients while 

supporting the use of their product. All user information is 

remotely stored on cloud drives so users’ preferences do not 

change from computer to computer. Because Netflix retained 

all their users’ preferences and tastes in movies and television, 

they were able to create a television show that statistically 

appealed to a large portion of their audience based on their 

demonstrated taste. Thus in 2013, Netflix’s House of Cards 

became the most successful internet-television series ever, all 

thanks to their data analysis and information stored on clouds 

[6]. 

 

IV. CONCLUSION 

     Automate account details on your incoming calls. Our 
"Screen      Pops" instantly pulls up the record of your contact. 

As soon as you answer the phone, you have all the 

information needed to make your next sale. Alongside 
analytics, cloud computing is also helping make business 

more effective and the consolidation of both clouds and 

analytics could help businesses store, interpret, and process 

their big data to better meet their clients’ needs. 
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